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Background: Multi-view 3D Pose Estimation

• Apply a 2D pose detector on each view separately to localize 2D joints 

• Perform triangulation to acquire the 3D position of joints



Related Work: Epipolar Transformers

He, Yihui, et al. "Epipolar transformers." Proceedings of the ieee/cvf conference on computer vision and pattern recognition. 2020.

• Semantic information off the epipolar line is discarded !

fuse information from different views

https://en.wikipedia.org/wiki/Epipolar_geometry



TransFusion: Framework
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Geometry Positional Encoding

• Use the direction vector to 
encode the relative 3D location
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Epipolar Field
Encode epipolar geometric constraints through position encoding
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• Relationship between the pixel in the first view and ALL pixels in the second view


• The cross-view attention map is biased toward the epipolar line, but can drift away



Results: Attention Map
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Qualitative Results
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Thanks!


